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Does caffeine affect heart rate?

the NEW ENGLAND
JOURNAL of MEDICINE  Abstract

Using a double-blind, randomized, crossover protocol, we studied the
effect of a single dose of oral caffeine on plasma renin activity,
catecholamines and cardiovascular control in nine healthy, young, non
-coffee drinkers maintained in sodium balance thmughnul the study
period Caﬁeme (250 mg) or placebo was admini: dina

m b ge to ght-fasted supine subjects who

had had no coffee, tea or cola in the previous three weeks.

Effects of Caffeine on Plasma Renin Activity.

Abstract
Using a doutie-tind, o
Caffeine increased plasma renin activity by 57 per cent, plasma
norepinephrine by 75 per cent and plasma epinephrine by 207 per
cent. Urinary phrine and phrine were increased 52
per cent and 100 per cent respectively. Mean blood pressure rose
14/10 mm Hg one hour after caffeine ingestion. There was a slight fall
and then a rise in heart rate.

Plasma caffeine levels were usually maximal one hour after ingestion
but there was considerable inter-individual variation. A 20 per cent
increase in respiratory rate correlated well with plasma caffeine levels

Under the conditions of study caffeine was a potent stimulator of
plasma renin activity and adrenomedullary secretion. Whether
habitual ingestion has similar effects remains to be determined. (N
Engl J Med 298:181-186, 1978)

EnghJ Med 296-181-186, 1978)
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3Vs in Big Data
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Google Data Center

18

Ay,
_:f\‘ z, @
(4 METER | 875
VOLUME VELOCITY VARIETY
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VOIume In Blg Data Economist, 25 Feb 2010
I Data inflation
Unit Size What it means
Bit (b) lor0 Short for “binary digit”, after the binary code (1 or 0)
T — e A S e e B
Byte (B) 8 bits Enough information to create an English letter or number

in computer code. It is the basic unit of computing

:I:(:i:!nbyte (KB) 1,000, or 2'°, bytes  From “thousand” in Greek. One page of typed text is 2KB

Megabyte (MB)  1,000KB; 2° bytes From “large” in Greek. The complete works of Shakespeare total 5MB.
Atypical pop song is about 4MB

:(:'::i:gahyte (GB) 1,000MB; 2* bytes From “giant” in Greek. A two-hour film can be compressed into 1-26B

Terabyte (TB) 1,00068; 2“ bytes  From “monster” in Greek. All the catalogued books
in America’s Library of Congress total 15TB

'ﬁélabyte (PB) 1,00078; 2*° bytes All letters delivered by America’s postal service this year will amount
to around 5PB. Google processes around 1PB every hour

-E-;abyte (EB) 1,000PB; 2% bytes Equivalent to 10 billion copies of The Economist

iéttabyte (ZB)  1,000EB; 2 bytes The total amount of information in existence
this year is forecast to be around 1.2Z8

.\-'-t;ttabyte (YB)  1,000Z8; 2% bytes Currently too big to imagine

The prefixes are set by an intergovernmental group, the International Bureau of Weights and Measures.
Source: The Economist Yotta and Zetta were added in 1991; terms for larger amounts have yet to be established.

http://www.economist.com/node/15579717 20
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Table 4.4 Number of Accident and Emergency Attendances 2010/11
B44 _F-Bi—FEBEERBAX

‘Number of Accident and Emergency altendances.
Hospital SIERBAKR

W First Follow-up Total
=114

[ o s g et riospet
o e 125,65 282 125,938
i e Cente 131,307 3173 134,480
[ong tah Hostal 141841 75661 149,502
i e s 111,259 4471 115730
':;m“;‘”‘"”“:‘z“" Eastem Hosptal 145,789 9085 154874

G Hospital
[0 121,682 3767 125449
150638 8 150917
139933 8074 148,007
200695 "8 2126%
124787 3611 128,398
i rospats 82,406 2285 86,691
1104 0 .04
114712 4205 118917
25118 6247 22965
198,847 3450 198,306
135932 7467 143399
o 2161248 76001 2231248
JE : BRAL 2
AR BB AT #2010-2011 23

=0IBAL
UNIVERSE! o
5
1.8ZBEiE = ? _i*

Velocity in Big Data
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W Velocity &5 & RHG A A R AR - S50/ TE)
785 (mobile computing) ~ 1A 44E& (social network)
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Velocity in Big Data E=

DOWgoMEs  Private Equiy News WSJcam Events FINS More

B SHESC S (high
frequency trading)

BLOG WYTOPES NEWSPAFER OPWON SPECIAL
HOME  ASSET MANAGEMENT  INVESTMENT BANKING  PRIVATE EQuITY [RETUITTEA {243

Trading & Broking  MarketInfrastuctsre  Roguladion  Derivatives  Poople  News in Briol

Highights:  Kweku Adoboll | TET Awards 2012 | What makes 3 good... | FN100 Most Influential | Moving jobt

Leading high-frequency trading firm makes Hong Kong push
Tim Cave
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B | check Twitter on my iPhone and | can
see that people are tweeting from the
queue I’'m standing in.

B Then | see a tweet from someone at
the Hotel Z, a couple of blocks down
the Strip. The tweet says something like
“Hey, if you're tired of standing on line
at Hotel A, come on over to Hotel Z.
We’'ll set you up with a room---at 50%
off the regular price.”

B Then | see a couple of people pick up
their bags and head out for the taxi
stand. Wow, | thought, somebody at
Hotel Z is on the ball.

31

o
Big Data #5344 v
B Astory from the book... Uik
B I'm standing in the queue at P B
Hotel A in Las Vegas, waiting to Teestormin Yo Bess g
checkin.
B Normally the check-in queues
there move pretty fast, but
today they aren’t.
B Something is clearly wrong at

the check-in counter, but no
one is telling us anything.

A5
Big Data TR #& =

B R 2011455 H McKinsey (2587 ) 88 R VHI " K
g ¢ Al WRAIEES)” > F)20184F > EEEE
?2140,000-190,000%7%@E%E@J%ﬁ%ﬁ*ﬁﬁ%ﬁﬂ@)\

B 20124F3H29H - BEEBUFEM 7 KB
st &l -

B (RS (L FENSF, NIH, DOD, etc) 4 8 & 35
TCAVEESNEE S - BRI AR REIEIZREE -

W @ ROCEEHIbig data ~ 11 & 4844 big data

32




Information categorization approach to
literary authorship disputes

Albert C.-C. Yang®®<* C.-K. Peng?, H.-W. Yien™®,

*Cardiovascular Division and Margret and H.A Rey Institute for Nonlinear Dynamics in Medicine,
Beth Israel Deaconess Medical Center!Harvard Medical School, Boston, MA 02215, USA
vSchool of Medicine, National Yang-Ming University, Taipei, Taiwan
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Physica A 329 (2003) 473-483

Ary L. Goldberger?

“Taipei Veterans General Hospital, Taipei, Taiwan
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RESEARCH Open Access
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‘Colker et al. Journal of Biomedical Semantics 2011, 2(5uppl 5559
hitp/www jbiomedsem.com/contenu2/$5/53

OMG U got flu? Analysis of shared health
messages for bio-surveillance

Nigel Collier'”", Nguyen Truong Son®, Ngoc Mai Nguyen®

From Fourth Intemational Symposium on Semantic Mining in Biomedicine (SMBM)
Hinxton, UK. 25-26 October 2010

Abstract

Background: Micro-blogging services such as Twitter offer the potential to
crowdsource epidemics in real-time. However, Twitter posts (‘tweets) are often
ambiguous and reactive to media trends. In order to ground user messages in
epidemic response we focused on tracking ts of self-protective behaviour such
as avoiding public gatherings or increased sanitation as the basis for further risk
analysis

Results: We created guidelines for tagging self protective behaviour based on Jones
and Salathé (2008)'s behaviour response survey. Applying the guidelines to a corpus
of 5283 Twitter messages related to influenza like illness showed a high level of
inter-annotator agreement (kappa 0.86). We employed supervised learning using
unigrams, bigrams and regular expressions as features with two supervised classifiers
(SVM and Naive Bayes) to dlassify tweets into 4 self-reported protective behaviour
categories plus a self-reported diagnosis. In addition to classification performance we
report moderately strong Spearman’s Rho comelation by comparing classifier output
against WHO/NREVSS laboratory data for A(HINT) in the USA during the 2009-2010
influenza season.

Conclusions: The study adds to evidence supporting a high degree of cormrelation
between pre-diagnostic social media signals and diagnostic influenza case data,
pointing the way towards low cost sensor networks. We believe that the signals we
have modelled may be applicable 1o a wide range of diseases
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81-120 Chapters

1-80 Chapters

Rank 1-40 41-80 81-120
nl
‘Word  Frequency Word  Frequency Word  Frequency

1 T 6250 T 8301 T 6946
2 ES 4505 ES 5676 iy 5499
3 # 4010 ) 5539 ES 5009
4 - 3891 - 4942 ES 3944
5 i 3683 £ 4097 E S 3756
6 EY 3563 A 3892 E 3 3741
7 A 3139 E 3769 A 3644
8 E 2843 -3 3720 - 3461
9 3 2833 il 3683 kA 3391
10 w 2805 0 3637 EY 2743

000

008

007

008

oo

Fdom

00

001

(b)

Fig. 3. Rank frequeney analysis of The Dream of the Red Chamber. (a) Pairwise distance matrix of the entire
book. Each box represents a scgment containing 10 consecutive chapters. The distance between cach pair of
segments is reprosented on a graded color scale. (b) The neighbor-joining phylogenetic tree constructed by
the pairwise distance matrix. The distance between each segment on the tree is the summation of the total
horizontal lengths along the connection path. Both representations support the view that the first 80 chapers
and last 40 chapters are by difierent authors.

1-80 Chapters 81-120 Chapters
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http://www.census2011.gov.hk/tc/interactive-visualisations.html

http://www.census2011.gov.hk/tc/main-table.html
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Gapminder http://www.gapminder.org/
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Statistics — Dream job of the next
decade

“| keep saying that the sexy job in the next 10 years
will be statisticians.”

Google’s Chief Economist, Hal Varian, interviewed
by McKinsey Quarterly in January 2009




